European Journal of Computer Science and Information Technology,13(39),152-162, 2025
Print ISSN: 2054-0957 (Print)
Online ISSN: 2054-0965 (Online)

Website:

Publication of the European Centre for Research Training and Development -UK

Powering Health Care in the Cloud: How
VM Optimization Is Modernizing Healthcare
Infrastructure

Priyadarshni Shanmugavadivelu
Birla Institute of Technology and Science, Pilani, India

doi: https://doi.org/10.37745/ejcsit.2013/vol13n39152162 Published June 14, 202

Citation: Shanmugavadivelu P. (2025) Powering Health Care in the Cloud: How VM Optimization Is Modernizing
Healthcare Infrastructure, European Journal of Computer Science and Information Technology,13(39),152-162

Abstract: The transition of healthcare organizations to cloud computing represents a transformative shift
in information technology infrastructure management. This comprehensive article examines how virtual
machine optimization is revolutionizing healthcare delivery through specialized cloud architectures. The
migration from traditional on-premises systems to cloud-based Electronic Health Record platforms
delivers substantial advantages in scalability, cost efficiency, and performance. Healthcare workloads
present unique challenges requiring purpose-built cloud configurations with enhanced input/output
operations, latency sensitivity, and security protocols. The article explores five critical domains: migration
imperatives, performance engineering, high availability architectures, compliance frameworks, and
specialized workload optimizations. Evidence demonstrates that properly configured cloud environments
significantly enhance system reliability, reduce operational costs, strengthen security postures, and enable
advanced capabilities in medical imaging, analytics, and telehealth. These optimizations collectively
empower healthcare providers to deliver more responsive, resilient, and innovative patient care while
maintaining strict regulatory compliance and data protection standards. The evolution of healthcare-
specific virtual machine architectures marks a pivotal advancement in clinical information systems,
creating technological foundations capable of supporting next-generation healthcare delivery models.

Keywords: healthcare cloud migration, virtual machine optimization, high availability architecture,
medical imaging infrastructure, telehealth technology

INTRODUCTION

The Cloud Migration Imperative in Healthcare
Healthcare organizations worldwide are undergoing a fundamental transformation in how deployment and
management are done in their critical information systems. The migration of Electronic Health Record
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(EHR) workloads to cloud environments represents a significant paradigm shift from traditional on-
premises infrastructure. According to Chang et al.'s comprehensive study of Taiwan's healthcare industry,
68.3% of healthcare institutions have initiated cloud migration strategies for their clinical information
systems, with EHR platforms being prioritized by 71.2% of respondents due to their critical role in care
delivery [1]. This transition is not merely a technological upgrade but a strategic imperative driven by the
need for greater scalability, cost efficiency, and improved care delivery.

Organizations like Epic Healthcare exemplify this trend, moving their resource-intensive workloads to
cloud platforms that promise enhanced performance and reliability. Ahmadi and Aslani's systematic review
documented that healthcare institutions implementing cloud-based EHR systems experienced an average
31.7% reduction in total operational costs and a 27.5% improvement in system responsiveness compared
to traditional deployments [2]. Their analysis of 14 case studies revealed that mid-sized hospitals typically
manage between 4.3-6.8 terabytes of active clinical data, with annual growth rates averaging 28.4%,
creating substantial scalability challenges that cloud infrastructures are uniquely positioned to address.
Healthcare workloads present unique challenges that standard cloud configurations are often ill-equipped
to address. Chang et al. identified that the real-time nature of clinical data access demands response times
under 350 milliseconds for critical workflows, with database transaction volumes ranging from 2,800-
13,500 per second during peak operational hours [1]. Their survey of 217 healthcare IT professionals found
that 93.6% considered these performance requirements to be significantly more demanding than those of
typical enterprise applications. Additionally, stringent regulatory requirements mandate 99.95% uptime
(equating to less than 4.38 hours of downtime annually) and comprehensive audit capabilities that can track
and verify all data access events.

The critical importance of system uptime is underscored by Ahmadi and Aslani's findings that EHR
downtime costs hospitals an average of $7,900 per minute in lost revenue and operational inefficiencies
across the 14 healthcare organizations studied by them [2]. For tertiary care facilities, this figure reached
$233,000 per hour, creating a compelling financial case for high-availability architectures. Their research
demonstrated that these demands necessitate specialized infrastructure solutions with performance
characteristics that exceed standard enterprise configurations by 35-45% across key metrics, including
storage 1/0O, memory bandwidth, and network throughput.

This article examines how cloud providers are developing optimized virtual machine (VM) architectures
specifically engineered to meet healthcare's exacting standards. Chang et al.'s technical analysis
documented that these healthcare-optimized solutions incorporate storage systems capable of sustaining
18,000-45,000 IOPS (Input/Output Operations Per Second), memory-optimized configurations with 6-
10GB RAM per virtual CPU, and network architectures designed to maintain consistent sub-8 millisecond
latency even during peak utilization periods [1]. The resulting platforms enable a new generation of cloud-
based clinical systems that maintain or exceed the performance benchmarks of traditional deployments
while delivering the inherent advantages of cloud computing.
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Cloud Migration Impact on Healthcare Systems Performance
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Graph 1: Cloud Migration Impact on Healthcare Systems Performance [1,2]

Performance Engineering for Healthcare Workloads

Electronic Health Record systems represent some of the most demanding database workloads in any
industry, with substantial performance requirements that exceed typical enterprise applications. Jagadamba
et al. documented that comprehensive EHR implementations generate between 2.8-4.1 million database
transactions daily for a typical 400-bed hospital, with these transactions involving complex joins across an
average of 14.3 distinct tables [3]. The performance engineering of virtual machines for healthcare
applications requires specialized configurations that address several critical factors to maintain clinical
workflows and ensure patient safety.

High 10PS (Input/Output Operations Per Second) storage systems form the foundation of EHR performance
in cloud environments. Jagadamba et al.'s study on diabetes prediction systems built on EHR data identified
that modern healthcare analytics applications require sustained IOPS rates of 18,500-45,000 for primary
database operations, with burst capabilities needed during specific processing windows [3]. Their
implementation documented peak demands occurring during end-of-day batch operations (typically 11 PM-
1 AM) when system utilization increased by 187% for predictive model training cycles, and during morning
rounds (7 AM-9 AM) when concurrent user sessions increased by 156% as clinicians accessed patient
records simultaneously.

Cloud providers have responded by developing specialized storage tiers specifically optimized for
healthcare workloads. Davu's comprehensive analysis of virtualization technologies in healthcare
environments documented performance improvements of 42.7% for EHR workloads using healthcare-
optimized storage configurations compared to standard enterprise offerings [4]. Davu's technical evaluation
revealed that these solutions typically employ a combination of local NVMe drives (providing 780,000+
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IOPS per VM) for critical data paths and distributed storage systems for redundancy, with synchronous
replication latencies averaging 4.7 milliseconds. The storage architecture incorporates intelligent caching
algorithms that prioritize frequently accessed clinical data, resulting in cache hit rates of 82.5% for common
clinical workflows and reducing average 1/O latency from 7.8ms to 2.1ms for routine operations [4].

Latency-sensitive VM configurations represent another critical innovation area for healthcare workloads.
Jagadamba et al. demonstrated that, unlike many business applications that can tolerate occasional
performance variations, healthcare systems require consistent sub-millisecond response times for database
operations, with 99th percentile latency requirements of <2.5ms for critical paths to ensure timely clinical
decision support [3]. Their machine learning implementation for diabetes prediction required deterministic
performance to maintain consistent inference times across varied patient volumes. Davu's research
identified four primary approaches cloud providers have implemented to address these requirements:
dedicated hardware underlays with guaranteed physical resource allocation and zero oversubscription; CPU
pinning to eliminate hypervisor scheduling variability, which reduced context switching overhead by 67.3%
in the benchmark testing performed therewith; NUMA (Non-Uniform Memory Access) awareness to
optimize memory access patterns, which improved memory throughput by 38.7% for large dataset
operations; and network optimization with dedicated bandwidth allocation (typically 20-35 Gbps) and
priority queuing for clinical traffic [4].

These performance engineering innovations ensure that cloud-based EHR systems maintain the consistent,
predictable performance required in clinical environments. Davu's comparative analysis demonstrated that
optimized cloud configurations achieved response time improvements of 21.8% compared to traditional
on-premises deployments, directly impacting provider efficiency by saving an average of 42 minutes per
clinician per 12-hour shift through improved system responsiveness [4].

High Availability and Disaster Recovery Architectures

Healthcare systems require exceptional reliability, with many organizations targeting 99.99% uptime (less
than 52 minutes of downtime annually) for their clinical systems. Saksena's comprehensive evaluation of
digital health platforms identified that EHR downtime events cost healthcare organizations an average of
$8,320 per minute, with potential patient safety incidents increasing by 31.7% after just 7 minutes of system
unavailability [5]. Saksena's analysis of microservice-based architectures demonstrated that cloud providers
have developed sophisticated high availability architectures specifically designed for healthcare workloads,
achieving measured availability improvements of 42.3% compared to traditional monolithic on-premises
deployments across the 17 healthcare organizations included in the study performed therewith.

Multi-zone deployment models distribute healthcare workloads across physically separated data centers
within a region, providing resilience against localized infrastructure failures. Saksena documented a
99.987% availability achievement using a tri-zone architecture implemented for a major hospital network,
representing a significant reduction in downtime compared to their previous single-zone implementation
[5]. Saksena's technical review found that these architectures incorporate synchronous data replication
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between zones with measured replication latencies averaging 2.1-3.4 milliseconds, ensuring zero data loss
(RPO = 0) in the event of a zone failure while maintaining sub-second failover capabilities. Performance
testing conducted across three separate healthcare networks showed these multi-zone configurations
sustained 92.7% of normal transaction throughput during failover events, with average failover completion
times of 0.83 seconds for critical application components.

Cross-region disaster recovery systems provide protection against regional outages through asynchronous
replication to geographically distant secondary regions. Ganesan's extensive field study of cloud-based
disaster recovery implementations across 23 healthcare organizations found that 76.2% of facilities
implementing cloud-based disaster recovery reduced their recovery time objectives (RTOs) from an
industry average of 5.3 hours to under 27 minutes [6]. It revealed that modern healthcare VM configurations
include orchestrated recovery processes that can restore operations in a secondary region within RTOs as
low as 17 minutes, with 84.5% of critical applications fully functional within this timeframe—a significant
improvement over traditional disaster recovery approaches that required an average of 9.7 hours to restore
service in the healthcare environments he studied.

Automated health monitoring and self-healing capabilities represent another significant advancement in
healthcare VM architectures. Saksena's implementation of microservice-based health platforms
demonstrated that these systems continuously monitor an average of 312 distinct metrics per healthcare
application stack, including database performance metrics, application response times, and system resource
utilization [5]. It reported that when potential issues are detected, the platform can automatically initiate
corrective actions such as VM migration (completed in an average of 13.7 seconds), resource reallocation,
or failover to redundant systems. Across the healthcare deployments in Saksena's research, this approach
resulted in a 62.8% reduction in performance-related incidents through proactive remediation, with 89.3%
of potential issues resolved before patient care was impacted.

These high availability innovations have been particularly transformative for smaller healthcare
organizations that previously lacked the resources to implement enterprise-grade disaster recovery
solutions. Ganesan documented that cloud-based approaches have democratized access to sophisticated
reliability architectures, with implementation costs decreasing by 68.5% compared to equivalent on-
premises solutions for facilities with fewer than 200 beds [6]. Ganesan's comprehensive survey revealed
that 82.3% of small and medium healthcare facilities now report disaster recovery capabilities that meet or
exceed industry best practices, compared to just 31.2% prior to cloud adoption—enabling community
hospitals and rural health systems to achieve the same level of resilience previously available only to large
academic medical centers.
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Table 1: High Availability Impact on Healthcare Operations [5,6]

Metric Value
Cost of EHR downtime per minute $8,320
Increa_se in patient safety incidents after 7 minutes of 31.7%
downtime
Availability improvement compared to on-premises 42.3%
Transaction throughput during failover events 92.7%
Reduction in recovery time objectives 76.2%
Reduction in performance-related incidents 62.8%
Reduction in disaster recovery implementation costs 68.5%

Compliance and Security Optimizations

Healthcare data is subject to stringent regulatory requirements, including HIPAA in the United States and
similar frameworks internationally. Samuel's comprehensive analysis of cloud security architectures for
healthcare applications documented that healthcare organizations face an average of 1,568 cyberattack
attempts daily, representing a 326% increase since 2021, with 43.7% of these attacks specifically targeting
protected health information (PHI) [7]. Samuel's research across 18 healthcare networks revealed that cloud
providers have developed specialized VM configurations with built-in compliance capabilities to address
these threats while maintaining regulatory alignment for Al-enabled diagnostic systems.

HIPAA-aligned security controls are embedded directly into the VM architecture, with Samuel reporting a
91.3% reduction in security misconfiguration incidents for healthcare customers using specialized
healthcare VM templates compared to standard configurations [7]. The technical assessment performed
therewith found that these embedded controls include comprehensive encryption capabilities covering data
at rest (256-bit AES encryption with FIPS 140-2 validated modules), in transit (TLS 1.3 with perfect
forward secrecy), and in use through memory encryption (demonstrated to protect against 94.2% of memory
scraping attack vectors in the penetration testing experiments conducted). Samuel's implementation of Al-
enabled diagnostic systems demonstrated that these controls provided end-to-end protection for 99.7% of
PHI data flows without measurable performance degradation, maintaining inference times below clinical
thresholds even with full encryption enabled.

Advanced access control mechanisms utilizing zero-trust principles form another critical component of
healthcare VM security. Charlie et al.'s extensive study of data residency and compliance automation
documented that 65.7% of surveyed healthcare organizations reported average privilege reduction of 72.8%
across all system roles following implementation of zero-trust architecture [8]. Their analysis of 24
healthcare deployments found that fine-grained access controls reduced the average number of users with
access to sensitive data by 83.4%, significantly lowering the attack surface while maintaining necessary
clinical access patterns. Automated audit logging and monitoring with retention periods aligned with
regulatory requirements captured an average of 2.3 million audit events daily for a typical 400-bed hospital,
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with complete chain-of-custody verification and tamper-proof storage ensuring 100% event retention
throughout the required 6-year minimum retention period [8].

Data residency guarantees have become increasingly important as healthcare organizations navigate
complex regional regulations. Charlie et al. found that 82.3% of healthcare C1Os consider data residency a
critical factor in cloud provider selection, with 67.8% reporting compliance challenges related to cross-
border data transfers [8]. Their global survey documented that cloud providers now offer dedicated
healthcare zones with strict geographical boundaries and contractual commitments regarding data location,
with leading providers maintaining 100% in-region data residency across an average of 4.2 geographic
zones per major regulatory jurisdiction. These zones implement technical controls that physically prevent
PHI from leaving defined boundaries, achieving 99.998% compliance with data sovereignty requirements
across 1,247 audit tests conducted in their study. Security posture management tools integrated with
healthcare VMs provide continuous assessment of compliance status and potential vulnerabilities. Samuel's
implementation of Al healthcare platforms demonstrated that these systems process an average of 4,217
configuration checks per day for a typical healthcare deployment, with 78.2% of potential compliance
issues identified and remediated before causing audit findings [7]. Samuel's longitudinal analysis found that
healthcare cloud security platforms leveraging Al-powered analysis identified configuration drift and
emerging threats with a mean time to detection (MTTD) of 3.2 minutes compared to the industry average
of 207 minutes measured across traditional systems. This proactive approach resulted in a 73.8% reduction
in security incidents and a 92.1% decrease in compliance violations among the healthcare organizations in
the associated study, demonstrating how these compliance optimizations have shifted from being reactive
safeguards to proactive enablers of innovation.

Security and Compliance Improvements in Healthcare Cloud
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Graph 2: Security and Compliance Improvements in Healthcare Cloud [7,8]
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Optimization for Healthcare-Specific Workloads

Beyond general performance improvements, cloud providers have developed VM configurations
specifically optimized for common healthcare workloads, creating purpose-built environments that address
the unique requirements of medical applications. Shakor and Khaleel's comprehensive analysis of medical
imaging cloud architectures documented that 75.3% of surveyed healthcare IT leaders reported measurable
performance improvements after implementing specialized cloud configurations designed for their specific
clinical use cases [9].

Medical imaging systems represent one of the most resource-intensive healthcare applications, with Shakor
and Khaleel reporting that typical radiology departments generate 1.4-2.8 petabytes of imaging data
annually, and studies often contain large volumes of high-resolution images [9]. Their analysis of 14
hospital implementations found that the average CT scan contains 679 images (each 512x512 pixels), while
the average MRI study comprises 384 images with resolution up to 1024x1024 pixels. Their benchmarking
of specialized VM configurations for imaging workloads documented that GPU acceleration for rendering
reduced image load times by 73.8% compared to CPU-only solutions, with NVIDIA T4-powered instances
processing an average of 127 images per second during their controlled testing. Their study demonstrated
that these configurations include optimized network paths for DICOM traffic, achieving 99.992% packet
delivery rates and reducing transfer latency by 43.7% compared to standard configurations. The researchers
documented tiered storage systems that balance performance and cost based on image age and access
patterns, showing that intelligent tiering resulted in a 64.7% reduction in storage costs while maintaining
sub-2.4-second retrieval times for 95.8% of clinical access requests across the facilities in their study [9].
Analytics and Al workloads have become increasingly important as healthcare organizations seek to derive
insights from their clinical data. Pendyala's detailed evaluation of healthcare data lake architectures
documented that 83.5% of academic medical centers now implement Al-driven clinical decision support,
with these systems analyzing an average of 1.75 million clinical documents daily [10]. It found that VM
architectures designed for healthcare analytics incorporate memory-optimized configurations for in-
memory processing of large patient datasets, with capabilities to analyze up to 68 million patient encounters
simultaneously and achieve query response times averaging 1.7 seconds for complex cohort identification
across the five implementations he studied. Integration with HIPAA-compliant data lakes for longitudinal
analysis enabled processing of 7.3 billion data points per analysis workflow with end-to-end audit trails,
while maintaining access latencies below 100ms for 97.3% of queries. Pendyala documented that
accelerated computing options with specialized hardware for Al model training and inference reduced
typical model training time from 114 hours to 13.8 hours while maintaining 98.3% model accuracy in
clinical prediction tasks [10].

Telehealth applications continue to be a critical care delivery channel, with Shakor and Khaleel reporting
that these services maintain 35.7% of all ambulatory encounters post-pandemic [9]. Their assessment of
telehealth infrastructure found that cloud providers have developed specialized VM configurations for
telehealth workloads featuring optimized video encoding/decoding (reducing CPU utilization by 38.4%
while maintaining 1080p quality), prioritized network traffic handling (achieving packet loss rates below

159



European Journal of Computer Science and Information Technology,13(39),152-162, 2025
Print ISSN: 2054-0957 (Print)
Online ISSN: 2054-0965 (Online)

Website:

Publication of the European Centre for Research Training and Development -UK

0.02% in their network testing), and distributed edge deployments that minimize latency for patient-
provider interactions. Their measurements across 7 telehealth implementations documented average
connection times of 2.8 seconds and maintained video quality scores of 4.5/5 even with patient bandwidth
as low as 1.4 Mbps. Pendyala similarly noted that edge-optimized telehealth configurations reduced average
round-trip latency by 67.2% compared to centralized deployments, significantly improving the patient
experience, particularly for rural communities with limited connectivity options [10].

These specialized workload optimizations demonstrate how cloud infrastructure is evolving beyond generic
computing resources to become a platform for healthcare-specific innovation. Pendyala's comparative
analysis showed that purpose-built healthcare VM configurations achieve 47.3% higher performance across
key metrics compared to standard enterprise configurations, while reducing operational costs by 32.7%
through workload-specific optimizations [10].

Table 2: Healthcare-Specific Workload Optimization Metrics [9,10]

Metric Value
Annual imaging data generation per radiology department 1.4-2.8 petabytes
Image load time reduction with GPU acceleration 73.8%
Storage cost reduction with intelligent tiering 64.7%
Academic medical centers implementing Al-driven support 83.5%
Clinical documents analyzed daily by Al systems 1.75 million
Reduction in model training time with accelerated computing 87.9%
Performance improvement with purpose-built configurations 47.3%
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CONCLUSION

The optimization of virtual machine architectures for healthcare workloads represents a transformative
development in the evolution of clinical information systems. Cloud providers have successfully created
specialized environments that address the unique demands of healthcare applications, delivering
enhancements across performance, reliability, security, and functionality domains. These purpose-built
configurations enable healthcare organizations of all sizes to leverage advanced technologies previously
accessible only to large academic medical centers. The integration of high-performance storage systems,
latency-sensitive computing architectures, multi-zone deployment models, and comprehensive security
frameworks has fundamentally changed the capabilities available to clinical environments. Most
significantly, these technological advancements translate directly to tangible benefits in care delivery, from
faster access to critical information during emergent situations to more sophisticated analytical capabilities
that improve clinical decision-making. As healthcare continues its digital transformation journey, optimized
virtual machine architectures will increasingly serve as the technological foundation for innovation,
enabling everything from advanced artificial intelligence applications to distributed care delivery models.
The future of healthcare infrastructure lies in these specialized cloud environments, providing the
performance, security, and flexibility required to support evolving models of care while maintaining the
exacting standards demanded by clinical applications. The transition to optimized cloud infrastructures
ultimately empowers healthcare providers to focus less on technology management and more on their core
mission of patient care.
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