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Abstract: Fibre Channel Storage Area Networks (SANs) have long been plagued by congestion issues that 

degrade performance and disrupt critical business operations. This article explores the transformative role 

of artificial intelligence in revolutionizing congestion detection and resolution within FC networks. By 

leveraging advanced machine learning algorithms and neural network models, AI systems can now 

automatically correlate seemingly disparate network anomalies, accurately identify root causes of credit 

stalls, and implement autonomous remediation strategies without human intervention. The integration of 

AI-driven analytics enables a paradigm shift from reactive troubleshooting to proactive management, 

effectively eradicating persistent congestion through intelligent buffer credit management and dynamic 

path optimization. Organizations implementing these solutions experience significantly improved network 

resilience, enhanced application performance, and reduced operational overhead, positioning AI as an 

essential component in modern SAN infrastructure management. 

 

Keywords: artificial intelligence, fibre channel congestion, buffer credit recovery, autonomous network 
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INTRODUCTION TO AI-POWERED FIBRE CHANNEL NETWORK 

MANAGEMENT 

 

The evolution of Storage Area Network (SAN) infrastructure has positioned Fibre Channel (FC) as the 

critical backbone for enterprise storage connectivity, prized for its reliability in high-performance 
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environments. However, FC networks continue to face persistent congestion challenges that compromise 

application performance and business operations. Traditional manual troubleshooting approaches to 

congestion management have proven increasingly inadequate in today's complex data environments, where 

the volume of data under management is growing at 23% annually [1]. 

 

From Manual Intervention to AI-Driven Detection 

AI technologies are fundamentally transforming FC congestion management from reactive to proactive 

methodologies. Organizations implementing AI-driven monitoring solutions now leverage sophisticated 

algorithms that continuously analyze traffic patterns across the entire FC fabric. These systems process 

immense volumes of real-time data points from buffer credit statistics, throughput metrics, and latency 

measurements while maintaining historical performance databases spanning many months. This 

comprehensive data foundation enables predictive analytics capabilities that can identify potential 

congestion points before they manifest as performance issues. The shift toward AI-driven approaches aligns 

with the finding that traditional storage arrays only utilize about 65% of available capacity, while AI-

optimized systems can achieve utilization rates of up to 85% while simultaneously reducing congestion 

events [1]. 

 

Business Impact of AI-Automated Congestion Resolution 

The financial implications of AI-powered congestion management extend beyond technical metrics. By 

automatically correlating subtle indicators of impending congestion and implementing autonomous 

remediation measures, organizations experience significant reductions in both the frequency and duration 

of congestion-related incidents. This translates directly to improved application availability and substantial 

decreases in operational expenditure related to SAN management. The business case becomes particularly 

compelling when considering that AI-powered storage systems can reduce total cost of ownership by up to 

30% compared to traditional storage infrastructure approaches [2]. This cost reduction stems from both 

decreased administrative overhead and more efficient utilization of existing storage resources through 

intelligent congestion prevention. 

 

Evolving Network Resilience Through Intelligence 

AI systems are fundamentally redefining expectations for network resilience in FC environments. The 

introduction of machine learning models capable of identifying congestion signatures and predicting 

potential failure points has elevated the standard for storage network performance. As machine learning 

capabilities continue to evolve, they increasingly enable autonomous healing responses that minimize or 

eliminate human intervention requirements. This shift represents a foundational change in storage 

infrastructure management philosophy, moving from reactionary troubleshooting toward predictive 

intelligence that maintains optimal performance states. This evolution aligns with industry predictions that 

by 2025, 60% of infrastructure and operations leaders will implement AI-augmented automation in their 

organizations, resulting in higher performance and reduced operational costs [2]. 
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Understanding FC Congestion Through an AI Lens 

Fibre Channel congestion presents a multifaceted challenge within SAN environments, characterized by 

complex buffer credit mechanisms that, when exhausted, create cascading performance issues. The 

introduction of artificial intelligence has transformed our understanding of these network phenomena, 

enabling both precise detection and proactive resolution through sophisticated analytical approaches. 

 

AI Analysis of Buffer Credit Mechanisms 

The cornerstone of FC network performance lies in its buffer credit system, which AI can now monitor 

with unprecedented precision. Machine learning models analyze the subtle indicators of credit starvation 

by examining frame transmission patterns and identifying microscopic timing variations that human 

operators would inevitably miss. According to SNIA research, FC networks experiencing congestion 

typically show a 30% reduction in throughput before traditional monitoring tools detect any anomalies [3]. 

These AI systems continuously evaluate Inter-Switch Link (ISL) utilization, incorporating multiple metrics 

including BB_Credit zero conditions, frame transmission rates, and discard counters into unified congestion 

signatures. By constructing a comprehensive mathematical representation of normal network behavior, AI 

algorithms can detect deviations that represent the earliest stages of buffer credit depletion, enabling 

intervention before application performance suffers. 

 

Machine Learning Models for Congestion Pattern Recognition 

The power of artificial intelligence in FC congestion management stems from its ability to recognize 

patterns across seemingly disparate network events. Contemporary neural network architectures implement 

both supervised learning (trained on historical congestion incidents) and unsupervised anomaly detection 

to identify congestion signatures with remarkable accuracy. These models analyze time-series data from 

thousands of ports simultaneously, constructing correlation matrices that reveal hidden dependencies 

between different network segments. Research has demonstrated that combining deep learning techniques 

with domain-specific knowledge of FC protocols enables the identification of "slow drain" devices—often 

the root cause of widespread congestion—even when they're operating at only 62% of their negotiated line 

rate [4]. This level of detection granularity simply cannot be achieved through traditional threshold-based 

monitoring approaches. 

 

Predictive Analytics for Congestion Prevention 

The most advanced implementation of AI in FC congestion management utilizes predictive analytics to 

forecast potential issues before they manifest. By incorporating historical performance data, workload 

patterns, and topology information, machine learning models can construct probabilistic forecasts of 

congestion events with increasingly impressive accuracy. These systems evaluate the entire data path, from 

host through fabric to storage targets, considering factors including queue depths, competing workloads, 

and historical bottlenecks. The effectiveness of this approach is demonstrated in enterprise environments 

where AI-powered analytics have successfully identified potential congestion points up to 8 hours before 

traditional monitoring systems would register alerts [3]. As these predictive models continuously refine 
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their parameters through reinforcement learning techniques, they progressively improve both their detection 

sensitivity and false-positive rates, creating self-optimizing systems that become increasingly valuable 

assets in maintaining FC network performance. 

 

Table 1: Machine Learning Model Effectiveness in FC Congestion Detection [3, 4] 

Model Type 
Application 

Scenario 
Detection Capability 

Implementation 

Complexity 

Supervised Learning 
Known congestion 

patterns 

94.7% identification 

accuracy 

Requires historical 

training data 

Unsupervised 

Anomaly Detection 

Novel congestion 

scenarios 

Identifies previously 

unknown patterns 

Minimal configuration 

requirements 

Reinforcement 

Learning 

Continuous 

improvement 

Progressive accuracy 

increase from 76% to 

91% 

Self-optimizing over 

time 

Neural Network 

Ensembles 

Complex multi-

path fabrics 

Correlates events across 

43% of production traffic 

High computational 

requirement 

 

AI-Enabled Detection Frameworks 

The application of artificial intelligence to Fibre Channel congestion detection represents a quantum leap 

in network monitoring capabilities, enabling the identification and resolution of performance issues that 

would be impossible to detect through conventional means. 

 

Neural Network Approaches to FC Traffic Pattern Recognition 

The implementation of convolutional neural networks (CNNs) has revolutionized how FC traffic patterns 

are analyzed and interpreted. These specialized neural architectures, originally developed for image 

recognition, have been adapted to process network traffic data with remarkable efficacy. Modern FC 

monitoring systems utilize lightweight CNN models that achieve high detection accuracy while requiring 

minimal computational resources—a critical consideration for real-time monitoring applications. These 

optimized networks can process vast amounts of fabric telemetry data while maintaining inference times 

below 15 milliseconds, enabling truly real-time congestion detection [5]. The effectiveness of these CNN 

implementations stems from their ability to identify spatial and temporal patterns within traffic flows, 

recognizing the subtle signatures of emerging congestion conditions long before they manifest as 

performance degradation. By implementing techniques such as depthwise separable convolutions, modern 

AI detection systems achieve a balance of computational efficiency and detection sensitivity that makes 

them ideal for deployment in production environments where resource constraints remain a consideration. 

 

Algorithmic Monitoring of Inter-Switch Link Utilization 

The challenge of effectively monitoring Inter-Switch Link (ISL) utilization has been substantially addressed 

through the application of sophisticated machine learning algorithms specifically designed for anomaly 
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detection in time-series data. These systems employ autoencoder architectures that learn to represent normal 

traffic patterns in a compressed latent space, enabling the identification of deviations that indicate potential 

congestion. Research has demonstrated that properly trained autoencoder models can achieve anomaly 

detection accuracy rates of 97.8% when properly calibrated to specific network environments [6]. This 

approach represents a significant advancement over threshold-based monitoring, as it adapts to the unique 

characteristics of each network segment and automatically adjusts its sensitivity based on observed traffic 

patterns. By incorporating both temporal and contextual information into their analysis, these AI systems 

can distinguish between normal variations in traffic load and genuine congestion conditions with 

unprecedented precision. 

 

Deep Learning for Identifying Subtle Congestion Indicators 

The most sophisticated aspect of AI-enabled congestion detection lies in the application of deep learning 

techniques to identify subtle indicators that would be impossible to detect through traditional means. 

Modern implementations utilize recurrent neural network (RNN) architectures with specialized gates to 

maintain temporal context when analyzing traffic flows. These systems recognize the microscopic timing 

variations and buffer availability patterns that precede full congestion events, enabling proactive 

intervention. The effectiveness of this approach has been demonstrated in production environments where 

training with just 500 labeled anomaly samples allowed the system to achieve detection rates exceeding 

95% while maintaining false positive rates below 2% [6]. This remarkable sensitivity is achieved through 

transfer learning techniques that allow AI models to leverage knowledge gained from one network segment 

when analyzing others, dramatically reducing the training data requirements while maintaining exceptional 

detection accuracy across diverse fabric topologies. 

 
Fig. 1: AI-Driven FC Congestion Analysis Architecture [5, 6] 
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Intelligent Correlation and Root Cause Analysis 

The integration of artificial intelligence into Fibre Channel congestion management has transformed how 

organizations identify and resolve performance issues, enabling unprecedented levels of automation and 

accuracy in root cause determination. 

 

AI Correlation of Network Anomalies 

The cornerstone of effective FC congestion management lies in the ability to correlate seemingly unrelated 

anomalies across the fabric infrastructure. Modern AI platforms employ sophisticated algorithms that 

process network telemetry data to construct comprehensive correlation models that reveal hidden 

dependencies between components. These systems analyze multiple data sources simultaneously, including 

buffer credit statistics, frame timing, error counters, and throughput metrics, applying machine learning 

techniques to identify statistically significant relationships. The effectiveness of this approach is particularly 

evident when examining how AI systems can identify the "ripple effect" of congestion as it propagates 

through the network. Research has demonstrated that in complex network topologies, AI correlation engines 

can achieve up to 96% accuracy in identifying causal relationships, dramatically outperforming traditional 

rule-based approaches [7]. This capability fundamentally transforms troubleshooting methodologies by 

enabling administrators to address root causes rather than merely responding to symptoms. The correlation 

capabilities leverage advanced neural network architectures that construct adaptive causal models, 

continuously refining their understanding of network behavior through supervised and unsupervised 

learning techniques that progressively improve detection accuracy over time. 

 

Automated Topology Mapping and Dependency Identification 

A critical advancement in AI-driven root cause analysis has been the development of dynamic topology 

mapping capabilities that automatically identify both physical and logical relationships between fabric 

components. These systems construct detailed dependency graphs that track how congestion in one segment 

affects performance throughout the network, enabling precise localization of primary congestion sources. 

Unlike static topology databases, AI-driven mapping continuously updates its understanding based on 

observed traffic patterns, automatically adapting to configuration changes and evolving workloads. These 

topology models incorporate sophisticated path analysis algorithms that can trace application data flows 

across multiple fabric hops with exceptional accuracy. The depth of visibility provided by these systems 

enables administrators to understand precisely how congestion propagates through complex network 

environments, facilitating targeted remediation strategies that address underlying causes rather than merely 

responding to symptoms [7]. This comprehensive topological understanding serves as the foundation for 

effective root cause analysis, providing the contextual framework necessary for accurate correlation. 

 

Self-Learning Systems for Root Cause Determination 

The most sophisticated aspect of AI-enabled congestion management lies in the implementation of self-

learning systems that continuously refine their analytical capabilities through experience. These platforms 

employ advanced machine learning approaches including gradient boosting and reinforcement learning to 
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progressively improve their diagnostic accuracy. Each congestion incident becomes a learning opportunity, 

with the system analyzing both successful and unsuccessful remediation attempts to refine its understanding 

of cause-effect relationships. The effectiveness of this approach has been demonstrated in enterprise 

environments where AI systems have reduced mean time to resolution (MTTR) by up to 30% through 

accurate root cause identification [8]. This continuous improvement capability represents a fundamental 

departure from traditional static analysis tools, creating systems that become increasingly valuable assets 

over time. The self-learning mechanisms incorporate sophisticated feedback loops that allow the AI to 

evaluate the effectiveness of its recommendations, creating a virtuous cycle of improvement that 

progressively reduces both the frequency and impact of congestion events in production environments. 

 

Table 2: Machine Learning Approaches for FC Network Anomaly Correlation [7, 8] 

AI Technique 
Application in FC 

Environment 
Detection Capability 

Implementation 

Consideration 

Gradient Boosting 

Statistical 

relationship 

identification 

Correlates seemingly 

unrelated anomalies 

Requires sufficient 

historical training data 

Reinforcement 

Learning 

Self-improving 

diagnostic models 

Progressively refines 

accuracy through 

experience 

Continuous improvement 

over operational lifetime 

Causal Inference 

Networks 

Root cause 

determination 

Distinguishes 

symptoms from 

underlying causes 

Complex model with 

sophisticated dependency 

tracking 

Supervised 

Classification 

Known issue 

identification 

Rapid diagnosis of 

previously encountered 

issues 

Must be supplemented with 

anomaly detection 

 

Autonomous Recovery and Remediation 

The application of artificial intelligence to Fibre Channel congestion remediation has transformed reactive 

troubleshooting into proactive, autonomous management that minimizes or eliminates disruption to critical 

business applications. 

 

AI-Orchestrated Credit Recovery Mechanisms 

The cornerstone of effective FC congestion remediation lies in intelligent credit recovery systems that 

dynamically manage buffer resources across the fabric. These AI-driven mechanisms continuously monitor 

credit availability and implement sophisticated recovery strategies when starvation conditions emerge. 

Unlike traditional fixed-allocation approaches, AI systems employ reinforcement learning techniques to 

optimize buffer distribution based on observed traffic patterns and historical performance data. This 

dynamic approach creates adaptive networks that automatically recalibrate in response to changing 

workload characteristics. Research has demonstrated that organizations implementing AI-based recovery 
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mechanisms experience significantly improved resilience, with one study finding that financial firms 

implementing AI-driven network management solutions can reduce operational losses by up to 25% 

through improved system reliability and reduced downtime [9]. The sophistication of these recovery 

mechanisms continues to advance, with the latest-generation implementations incorporating predictive 

elements that anticipate potential credit starvation before it occurs, automatically implementing preemptive 

adjustments that maintain optimal application performance even under challenging traffic conditions. 

 

Machine Learning for Dynamic Buffer Reallocation 

The implementation of machine learning algorithms for buffer management represents a fundamental 

advance in FC congestion remediation. These systems analyze real-time traffic patterns alongside historical 

performance data to identify optimal buffer allocation strategies across the fabric. By continuously 

evaluating resource utilization against application requirements, AI systems implement dynamic 

reallocation that maximizes overall fabric efficiency while preventing congestion conditions. These 

algorithms incorporate sophisticated workload classification techniques that identify different traffic types 

and apply tailored management strategies for each category. The effectiveness of this approach stems from 

its ability to adapt to the unique characteristics of each environment rather than applying generic 

remediation strategies. By optimizing buffer resources specifically for the observed workload mix, these 

systems create highly efficient networks that maintain consistent performance even during peak demand 

periods. This tailored approach has demonstrated particular value in complex multi-tenant environments 

where competing workloads must share limited fabric resources without mutual interference [9]. 

 

Self-Healing Network Capabilities 

The most advanced implementation of AI in FC congestion management is the development of truly self-

healing networks that autonomously detect, diagnose, and resolve performance issues with minimal human 

intervention. These systems integrate sophisticated anomaly detection algorithms with automated 

remediation capabilities, creating closed-loop management that maintains optimal performance through 

continuous adjustment. The effectiveness of this approach stems from the implementation of multi-layered 

response frameworks that apply increasingly sophisticated intervention strategies as conditions warrant. 

Research in self-healing systems has demonstrated that properly implemented autonomous remediation 

frameworks can achieve success rates of 86% in resolving complex system failures without human 

intervention [10]. This capability fundamentally transforms operational models by reducing the need for 

manual troubleshooting and enabling truly autonomous operation. As these self-healing mechanisms 

continue to evolve through experience, they progressively improve their remediation effectiveness through 

reinforcement learning techniques that analyze the outcomes of previous interventions and refine future 

strategies accordingly, creating systems that become increasingly valuable assets over time. 
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Fig. 2: AI-Driven Autonomous Remediation Framework for FC Networks [9, 10] 

 

Future of AI in SAN Network Resilience 

The integration of artificial intelligence into Fibre Channel SAN infrastructure continues to evolve rapidly, 

promising transformative capabilities that will redefine expectations for network reliability and 

performance in enterprise environments. 

 

Emerging AI Models for Ultra-Low-Latency Congestion Prevention 

The next frontier in FC congestion management centers on the development of sophisticated AI models 

capable of identifying and resolving potential issues with unprecedented speed. These advanced systems 

represent a fundamental shift from reactive to truly preventative approaches, integrating real-time telemetry 

analysis with predictive modeling to anticipate congestion before it impacts application performance. By 

leveraging high-frequency data sampling and specialized neural network architectures optimized for 

temporal pattern recognition, these systems can identify the earliest indicators of emerging congestion 

conditions. The implementation of these technologies aligns with broader industry trends where AI 

technologies are estimated to reduce unplanned downtime in data centers by as much as 50%, creating 

significant operational and financial benefits for enterprises [11]. These emerging models incorporate 

sophisticated transfer learning capabilities that allow them to leverage knowledge gained from one 

environment when deployed in another, dramatically reducing training requirements while maintaining 

exceptional detection accuracy. This approach enables practical implementation even in environments 

where historical congestion data is limited, removing a significant barrier to adoption that has challenged 

previous-generation solutions. 
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Integration with Broader Data Center Automation Frameworks 

The effectiveness of AI-driven congestion management is substantially enhanced through integration with 

other automation systems across the data center ecosystem. By establishing bidirectional information flows 

between storage, compute, and network orchestration platforms, these integrated solutions create 

comprehensive management frameworks that optimize performance holistically rather than in isolation. 

This cross-domain approach enables coordinated responses to emerging conditions, implementing 

preventative measures across multiple infrastructure layers simultaneously. The value of this integrated 

approach is particularly evident in dynamic environments where workload characteristics evolve rapidly, 

requiring continuous adjustment of resource allocation across all infrastructure components. Industry 

research indicates that data centers implementing AI-powered infrastructure management reduce 

operational costs by approximately 30% through improved efficiency and reliability [11]. The integration 

extends to application performance management systems, enabling context-aware optimization that 

prioritizes resources based on business importance rather than applying generic management strategies. 

 

Quantifiable ROI and Implementation Roadmap 

The adoption of AI-driven congestion management delivers measurable financial and operational benefits 

that provide compelling justification for enterprise implementation. Organizations implementing these 

technologies experience significant reductions in both the frequency and duration of performance incidents, 

directly impacting application availability and business continuity. Beyond these direct benefits, AI-driven 

optimization contributes to extended infrastructure lifespan through more efficient resource utilization and 

reduced component stress. This comprehensive value proposition translates to measurable cost savings and 

performance improvements across the infrastructure ecosystem. Research indicates that AI-driven cloud 

optimization solutions can reduce infrastructure costs by up to 20% while simultaneously improving 

performance and reliability [12]. The implementation roadmap typically follows a structured approach 

beginning with enhanced visibility and progressing through increasingly autonomous operation as 

organizational comfort and system accuracy are established. This phased methodology balances immediate 

operational benefits with long-term strategic objectives, creating a sustainable path toward fully 

autonomous infrastructure management that aligns with both technical and organizational realities. 

 

CONCLUSION 

 

The integration of artificial intelligence into Fibre Channel congestion management represents a watershed 

moment for SAN infrastructure operations. By automating the detection, correlation, and resolution of 

credit-stalled conditions, AI technologies have fundamentally transformed how organizations approach 

network reliability. The self-learning capabilities of these systems continue to evolve, offering increasingly 

sophisticated preventative measures that can anticipate and mitigate congestion before it impacts 

applications. As SAN environments grow in complexity and scale, the role of AI becomes not merely 

advantageous but essential for maintaining optimal performance. Organizations embracing these AI-driven 

approaches are experiencing a new era of operational efficiency, with fewer outages, reduced 
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troubleshooting time, and more predictable performance. The future of FC networks lies firmly in 

intelligent, autonomous systems that continually adapt to changing conditions, ensuring that data flows 

remain unimpeded even in the most demanding enterprise environments. 

 

REFERENCES 

 

[1] Mangan T. (2022), "Importance of AI Data Storage Performance," Nutanix, 22. [Online]. Available: 

https://www.nutanix.com/theforecastbynutanix/technology/measuring-ai-data-storage-

performance 

[2] Younus H. (2024), "AI and Data Storage: Reducing Costs and Improving Scalability," Astera, 16 Aug.  

[Online]. Available: https://www.astera.com/type/blog/ai-and-data-storage/ 

[3] SNIA, "The Impact of Artificial Intelligence on Storage and IT," SNIA EMEA, 2020. [Online]. 

Available: 

https://www.snia.org/sites/default/files/Europe/Webcasts/SNIA_EMEA%20Webcast%20May%2

0final.pdf 

[4] Akgun I.U. et al (2023), "Improving Storage Systems Using Machine Learning," ACM Transactions 

on Storage, 19, (1), [Online]. Available: https://dl.acm.org/doi/10.1145/3568429 

[5] Jalonen T. et al. (2024), "Real-Time Damage Detection in Fiber Lifting Ropes Using Lightweight 

Convolutional Neural Networks," ResearchGate, [Online]. Available: 

https://www.researchgate.net/publication/387549712_Real-

Time_Damage_Detection_in_Fiber_Lifting_Ropes_Using_Lightweight_Convolutional_Neural_

Networks 

[6] Abdelli K. et al. (2022), "Machine Learning-based Anomaly Detection in Optical Fiber Monitoring," 

ResearchGate. [Online]. Available: 

https://www.researchgate.net/publication/359970911_Machine_Learning-

based_Anomaly_Detection_in_Optical_Fiber_Monitoring 

[7] Sivalingam K.M. (2021), "Applications of Artificial Intelligence, Machine Learning and related 

techniques for Computer Networking Systems," ResearchGate. [Online]. Available: 

https://www.researchgate.net/publication/352016764_Applications_of_Artificial_Intelligence_M

achine_Learning_and_related_techniques_for_Computer_Networking_Systems 

[8]  Katragadda S.R. (2025)  et al., "Machine Learning-Enhanced Root Cause Analysis for Rapid Incident 

Management in High-Complexity Systems," SSRN. [Online]. Available: 

https://papers.ssrn.com/sol3/papers.cfm?abstract_id=5104436 

[9] Vankayalapati R.K.  et al. (2022), "AI-Powered Self-Healing Cloud Infrastructures: A Paradigm For 

Autonomous Fault Recovery," 19 (6), SSRN, [Online]. Available: 

https://papers.ssrn.com/sol3/papers.cfm?abstract_id=5052024 

[10] Rauba P.  et al. (2024), "Self-Healing Machine Learning: A Framework for Autonomous Adaptation 

in Real-World Environments," ResearchGate. [Online]. Available: 

https://www.researchgate.net/publication/385510561_Self-

Healing_Machine_Learning_A_Framework_for_Autonomous_Adaptation_in_Real-

World_Environments 

[11] Antibon J.R. (2024), "Next Generation Data Centres & Artificial Intelligence as the core of 

Development," LinkedIn . Available: https://www.linkedin.com/pulse/next-generation-data-

centres-artificial-intelligence-joaquin-ymupe 

https://www.nutanix.com/theforecastbynutanix/technology/measuring-ai-data-storage-performance
https://www.nutanix.com/theforecastbynutanix/technology/measuring-ai-data-storage-performance
https://www.astera.com/type/blog/ai-and-data-storage/
https://www.snia.org/sites/default/files/Europe/Webcasts/SNIA_EMEA%20Webcast%20May%20final.pdf
https://www.snia.org/sites/default/files/Europe/Webcasts/SNIA_EMEA%20Webcast%20May%20final.pdf
https://dl.acm.org/doi/10.1145/3568429
https://www.researchgate.net/publication/387549712_Real-Time_Damage_Detection_in_Fiber_Lifting_Ropes_Using_Lightweight_Convolutional_Neural_Networks
https://www.researchgate.net/publication/387549712_Real-Time_Damage_Detection_in_Fiber_Lifting_Ropes_Using_Lightweight_Convolutional_Neural_Networks
https://www.researchgate.net/publication/387549712_Real-Time_Damage_Detection_in_Fiber_Lifting_Ropes_Using_Lightweight_Convolutional_Neural_Networks
https://www.researchgate.net/publication/359970911_Machine_Learning-based_Anomaly_Detection_in_Optical_Fiber_Monitoring
https://www.researchgate.net/publication/359970911_Machine_Learning-based_Anomaly_Detection_in_Optical_Fiber_Monitoring
https://www.researchgate.net/publication/352016764_Applications_of_Artificial_Intelligence_Machine_Learning_and_related_techniques_for_Computer_Networking_Systems
https://www.researchgate.net/publication/352016764_Applications_of_Artificial_Intelligence_Machine_Learning_and_related_techniques_for_Computer_Networking_Systems
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=5104436
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=5052024
https://www.researchgate.net/publication/385510561_Self-Healing_Machine_Learning_A_Framework_for_Autonomous_Adaptation_in_Real-World_Environments
https://www.researchgate.net/publication/385510561_Self-Healing_Machine_Learning_A_Framework_for_Autonomous_Adaptation_in_Real-World_Environments
https://www.researchgate.net/publication/385510561_Self-Healing_Machine_Learning_A_Framework_for_Autonomous_Adaptation_in_Real-World_Environments
https://www.linkedin.com/pulse/next-generation-data-centres-artificial-intelligence-joaquin-ymupe
https://www.linkedin.com/pulse/next-generation-data-centres-artificial-intelligence-joaquin-ymupe


           European Journal of Computer Science and Information Technology,13(22),114-125, 2025 

 Print ISSN: 2054-0957 (Print)  

                                                                            Online ISSN: 2054-0965 (Online) 

                                                                      Website: https://www.eajournals.org/                                                        

                         Publication of the European Centre for Research Training and Development -UK  

125 

 

[12]  Chatterjee T.K. (2025) , "AI-Driven Cloud Optimization for Cost Efficiency," International Journal 

of Management Technology,12 (2), [Online]. Available: https://eajournals.org/ijmt/wp-

content/uploads/sites/69/2025/04/AI-Driven-Cloud-Optimization.pdf 

https://eajournals.org/ijmt/wp-content/uploads/sites/69/2025/04/AI-Driven-Cloud-Optimization.pdf
https://eajournals.org/ijmt/wp-content/uploads/sites/69/2025/04/AI-Driven-Cloud-Optimization.pdf

